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CIHFPABUYHVIK KOWMII IE | ERLKIVI

ydeoHbi nnad marnctpatypbl '01.04.02_Big_Data_and_Data_Science_2025.pIx', kog Hanpasnexus 01.04.02, rog Hayana nogrotosku 2025

NHpekc ConepxxaHue Tun

YK-1 CrocobeH ocyLeCTBNATL KPUTUYECKUIA aHaNN3 NPOGIEMHBIX CUTYaLMiA Ha OCHOBE CUCTEMHOTO NOAXOAA, BblpabaThiBaTh CTpaTeruio aeicTeuin |YK
NyK-1.1 BbisiBnseT NpobnemMHyio CUTyaumio, Ha 0CHOBE CUCTEMHOTO MOAXOAA OCYLLECTBASET €& MHOrO(haKTOPHbII aHanu3 1 AMarHoCTUKY. =
NYK-1.2 OcyuiecTensieT NONUCK, 0TOOP M CUCTEMaTU3ALMIO MH(OPMaLIMK ANs ONPELEIEHUS ANBTEPHATUBHBIX BAPUAHTOB CTPaTernuecknx peLleHnin B

’ npo6sieMHOIN cUTyaLuu.
NyK-1.3 Mpeanaraet u 060CHOBbIBAET CTPaTEruio AEUCTBUIA C YUETOM OrpaHUUEHMIt, PUCKOB W BO3MOXKHBIX NMOCNEACTBUA. =
YK-2 CrniocobeH ynpaBnisiTb MPOEKTOM Ha BCEX 3Tarnax ero XXU3HEHHOro Lukia YK
NyK-2.1 dopmynupyeT uenb npoekTta, 060CHOBbLIBAET €ro 3HAUYUMOCTb U PEan3yeMoCTb. =
NyK-2.2 Pa3pabaTbiBaeT nporpaMMy AENCTBUIA MO PeLLeHMIO 337au NPOEKTa C YUETOM UMEIOLLMXCA PECYPCOB U OrpaHUUEHNIA. -
WNyK-2.3 ObecneunBaeT BbINOIHEHNE NPOEKTa B COOTBETCTBUM C YCTAHOB/IEHHBIMU LiESIMX, CPOKaMU W 3aTpaTaMm. =
YK-3 CnocobeH opraH130BbIBaTb U PyKOBOAWUTL paboTol KOMaH/bl, BblpabaTbiBasi KOMaHAHYIO CTpaTeruio Ans AOCTVXKEHUS MOCTABAEHHON Lenu YK
NyK-3.1 dopMMpyeT CTpaTernio KoMaHAHOW paboTbl Ha OCHOBE COBMECTHOIO OGCYXAEHUS Lieell U HanpaBneHnil AesTeNbHOCTY ANs UX pearusauum. |-
NYK-3.2 OpraHusyeT paboTy KOMaH/ibl C yHeTOM 06BEKTUBHBIX YCIOBUIA (TEXHOMOMUS, BHELUHWE (haKTOPbl, OFPaHNUEHNS) U UHAUBUAYANbHBIX 5
' BO3MOXHOCTEW UYSIeHOB KOMaHAbl.

NYK-3.3 ObecneunBaeT BbINO/IHEHWE NOCTAB/IEHHbIX 33/1a4 Ha OCHOBE MOHUTOPUHIa KOMaHZAHOM paboTkl 1 CBOEBPEMEHHOrO pearupoBaHins Ha :
' CYLECTBEHHbIE OTK/IOHEHUS.

VK-4 CriocobeH nNpuMeHsaTb COBPEMEHHbIE KOMMYHUKATUBHbIE TEXHOMOTMM, B TOM YMCIIE Ha MHOCTPAaHHOM Si3blKe, ANs akafAeMUUecKoro 1 VK
npogeccMoHanbHOro B3auMoAenCTBus

NYK-4.1 O60cHOBbIBAET BLIOOP aKTyasbHbIX KOMMYHUKATUBHBIX TEXHOMOMMI (MH(OPMALMOHHBIE TEXHONOMM, MOAEPUPOBaHNE, Meauaums U ap.) Ans
' obecrneyeHns akaaeMM4ecKoro 1 npoeccMoHanbHOro B3aMMoAeiCTBus.

NYK-4.2 lMpuMeHsieT coBpeMeHHble CPeACTBA KOMMYHUKALIMM [171sl NOBbIEHNSs 3thEKTUBHOCTM aKaIEMUUECKOr0 1 NPOdECCHOHaNbHOrO B
' B3aMMOENCTBMS, B TOM UMC/IE Ha MHOCTPAHHOM si3bIKe.

NYK-4.3 OuenuBaeT 3HEKTUBHOCTb NPUMEHEHNS COBPEMEHHBIX KOMMYHUKATUBHbIX TEXHOMIOMMI1 B aKalEMMYECKOM 1 NPO(ecCMOHaNbHOM .
’ B3aMMOJENCTBUSIX.

YK-5 Cniocober aHanM3nMpoBaTh W yUUTbiBaTb pa3Hoobpasue KyNibTyp B MPOLECCE MEXKY/bTYPHOrO B3auMOAENCTBMS YK
NYK-5.1 BoisiBNSieT, COnocTaBnseT, TUNOMOrU3NpyeT cBoeobpasue KynbTyp ANs pa3paboTku CTpaTerni B3aMMOAEICTBUS C UX HOCUTENSMU. =
NYyK-5.2 OpraHusyeT U MofepupyeT MeXKYJbTYPHOE B3auMOoAeNCTBUE. =

YK-6 CriocobeH onpefensTb 1 peann3oBbiBaTh NPUOPUTETLI COGCTBEHHOM AEATENBHOCTU M COCOBLI €6 COBEPILEHCTBOBaHUS Ha OCHOBE VK

CaMOOLIEHKM

NYK-6.1 PaspabaTblBaeT cTpaTernio IMYHOCTHOrO W NPOhECCHOHABLHOMO Pa3BUTMS HA OCHOBE COOTHECEHUS! COBCTBEHHBIX Liefiell N BO3MOXHOCTel C
passuTMeM u3bpaHHoW cdepbl NPodeccHoHaNbHON AEATENBHOCTH.

NYK-6.2 Peanusyet u KOppekTupyeT CTPaTeruio IMYHOCTHOTO M NpodeCcCUOHaNbHOMO PasBUTHS C YHETOM KOHBIOHKTYPbI U MEPCMEKTUB Pa3BUTUS

' pblHKa Tpyaa.

NVK-6.3 OueHuBaET pesynbTaTbl peanusaumm CTpaTernm JIMYHOCTHOTO U MPoeccMoHanbHOMO PasBuTUs Ha OCHOBE aHanu3a (pednexcum) ceoeil

NEeATeNbHOCTU Y BHELIHUX CYXXAEHUN.
OnK-1 CniocobeH peluaTh akTyanbHble 3afaun GyHaaMeHTaNnbHOM 1 NPUKNAAHONA MaTeMaTUKN OornkK
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CMPABOYHWNK KOMMNETEHLIN

Y4ebHblil nnaH maructpatypel '01.04.02_Big_Data_and_Data_Science_2025.plxX', koa HanpaeneHusi 01.04.02, rog Hayana nogrotoBku 2025

Hpekc CopepxaHve Tun
MOMK-1.1 Ananuzunpyet npobnembl B 061acTy yHAaMEHTaNbHOW M NPUKNAAHONM MaTeMaTUKK. -
MOIMK-1.2 dopMynupyeT 3alaun UCCNeoBaHus. -
MONK-1.3 PewaeT akTyanbHble 3aaaumn PyHAaMeHTaNbHON M NPUKNAAHON MaTeMaTUKK. =
OnK-2 CnocobeH coBeplLLEeHCTBOBaTb M Peasiu30BbIBaTh HOBLIE MaTeMaTUUECKUe METOb! pelleHnsa NpuKNagHbIxX 3ajay OrnK
MOMK-2.1 Wcnonb3yeT pesynsTaThl NPUKIAAHON MaTeMaTUKW /ISl OCBOEHMs], aJanTaumun HOBbIX METOZIOB pellieHus 3a4ay B 06N1acTv CBOMX B
’ npodeccmoHasbHbIX UHTEPECOB.
NOIMK-2.2 Peanusyert u coBeplUEHCTBYET HOBbIE METO/bI, PELleHMs NMPUKAHBIX 33434 B 0611aCTV NPodheCCOHaNbHOM AESTENbHOCTH. 5
NOMK-2.3 MpoBOAUT KaUeCTBEHHDI M KONMMUECTBEHHBIN aHa/U3 MOMYYEHHOrO PELIEHMS C LIebIo NOCTPOEHMS OMTUMALHOIO BapuaHTa. 5
CrocobeH paspabaTbiBaTb MaTeMaTUUECKUE MOAENU W MPOBOAUTL UX aHanu3 NpY pelleHun 3ajad B 06/1acTy npoceccroHanbHO M
OlnK-3 OlnK
[edaTenbHOCTH
MOnK-3.1 PaspabatbiBaeT MaTeMaTUUeCKue MOAiENM B 06/1aCTV NPUKNAAHOM MaTeMaTUK1 M MHBOPMaTUKK. -
NOMK-3.2 AHanusupyet MaTeMaTMyecKue MOAeNM ANs peLleHuns MPUKNaAHbIX 3aaa4 NpodeccMoHanbHOMN AeSITENLHOCTY. =
MOMK-3.3 PaspabaTbiBaeT 1 aHa/M3MPYET HOBble MaTeMaTUYECKUE MOAENM AT PELUEHMs MPUKNAAHBIX 3aa4 NpoheccMoHaNbHOMN AeSTENbHOCTH B _
) 06nactv NpuUKaaHoON MaTeMaTUKM U MHOPMaTUKK.
OnK-4 CnocobeH KOMEGMHMPOBATb W aAaNTUPOBaTh CYLECTBYIOLME MH(HDOPMALMOHHO-KOMMYHUKALIMOHHbIE TEXHOMOMMM Ans peLueHus 3adad B onKk
06nactn npoeccuoHanbHoi AESTENBHOCTU C YUeTOM Tpe6oBaHmMil MHOPMaLIMOHHON 6e30MacHoCTH
NOrK-4.1 AHanvsupyeT 3ajauu NPUKNagHoit MaTeMaTuku U MHGOPMATUKN CpeCcTBaMU MHMOPMALIMOHHBIX TEXHONOMMA, =
MOIMK-4.2 YuutbiBaeT OCHOBHbIE Tpe6oBaHUs MHMDOPMaLMOHHOW 6e30nacHOCTH. ) -
OMK-4.3 UcronbsyeT coBpeMeHHble MH(POPMALMOHHO-KOMMYHMKALIMOHHbIE TEXHOMOMMW ANisl PELLeHNs 3aau B 06N1acT NPUKIAAHONM MaTeMaTUKA 1 _
) MHOPMATUKK C yyeToM TpeboBaHMit HGOPMaLMOHHO 6e30nacHOCTY.
K-1 CnocobeH paspabatbiBaTb 1 NPUMEHSTL MaTeMaTUYECKUe METOAbI, anropuTMbl, NPOrpaMMHOe obecrieyeHme ans pelleHus 3a4a4 HayyHo- MK
UCCNeaoBaTeNbCKOM U NMPOEKTHON AesTeNbHOCTH
ANK-1.1 AHanu3MpyeT 3afaun Hay4uHO-UCCNeaoBaTe IbCKON U MPOEKTHON AEATENBHOCTM C LENbio BbIBOpa MaTEMATUUECKOrO anropuTMUYECKOro _
' UHCTpYMeHTapust
AMK-1.2 MpuUMeHsieT CylwecTByIoLME MaTEMATUYECKNE METOAbI, a/IFOPUTMbI M NMPOrpaMMHOe obecredeHne ANs pelleHns 3aay B 0651acTy .
) npodeccMoHanbHON AesTenbHOCTH
Pa3pabaTtbiBaeT HOBble METOAbI, MOAENM, aNFOPUTMbI M MPOrpaMMHoe obecriedeHne AN pellerus 3a4ad B 061acTy npoceccuoHanbHoM
UMK-1.3 -
LeATenbHOCTU
K2 Crioco6eH MpoBoANTbL Hay4HO-MCCNIe10BaTeNbCKME Pa3paboTKy MpU UCCIIEAOBAHUM CaMOCTOATENLHBIX TEM, @ TakKe TeM, onpegensieMbix MK
3aKa3uMKoM, MoJly4aTb HOBbIE HAYUYHbIE U MPUKAJHbIE PE3Y/bTaTbl CAMOCTOSTESNIHO M B COCTABE HAyYHOrO KONNEKTUBa
MK-2.1 AHanusupyer TemMaTMKy Hay4HO-UCCefl0BaTesIbCkie Pa3paboTK C LIEMbIO YETKOrO onpeaeneHus 3aad UCCrieqoBaHms, n3yueHus B
: npeaMeTHOI obnactu
WMK-2.2 [lexoMno3npyeT npouecc Hay4uHo-nccneaoBaTenbCkie paspaboTki Ha STarbl, YMEET YETKO ONpefeniTh LeW 1 3a[jaun Kaxaoro atana -
UNK-2.3 CnocobeH nosyyaTb HOBbIE HayUHble U NPUKIAAHBIE PE3ySibTaTbl CAMOCTOATENBHO M B COCTABE HAYYHOrO KOMNeKTUBa -
K3 CnocobeH NpeacTaBnATb pesyNbTaTbl HayUHbIX UCC/IEA0BaHNI, 0HOPMAATH TEXHUUECKYIO JOKYMEHTALMK Ha pasfMyYHbIX CTaausix pa3paboTku K

npoekTa
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LT ALY TV NUIVI T L igvivi

7 MTUMNDIVI TJIan viairvivipalyppl U 1.Us.UL DIy Udla_adllu_Udld_OUICIHILE _LULO.PIA, KUY RallpaBliThviA U 1.U4.UL, 1U4 Hadalid HHULIUIUBKY 2UcY

r NHpekc ConepxxaHue Twvn
WUNK-3.1 YMeeT YeTKo U ACHO OMUCaTh MOJYYEHHbIE Hay4Hble pe3ynbTaThbl C NPUBEAEHUEM [JOKa3aTeNnbCTB, apryMEHTOB, NPUMEPOB BHEAPEHUS -
UNK-3.2 CriocobeH og)opMmlTb TEXHUYECKYIO OKYMeHTaumio, otyeTsl no HUP, HUOKP, cornacHo AeiCTBYIOLWMX CTaHAapTOB 0hopMIeHNs 3

TEXHUYECKON AOKyMeHTaLMm
NNK-3.3 CnocobeH K HanucaHuio cratei, 0630poB, B TOM UMC/IE Ha @HTTIMIACKOM si3blKe =
K-4 CnocobeH onpenensrb npo6n53MHy|o CWUTYaLMIO, CTaBUTb 3aflauu aHanu3a JaHHbIX B 06LLEeCTBEHHbIX HayKax, noabupaTb MaTeMaTMUECKUA U MK
annapaTtHbi UHCTPYMEHTapUN AN UX peLleHus
UNK-4.1 [laeT oueHKy noBefeHus obLecTBa UK ero oTAeNbHbIX TPy Ha OCHOBE aHasn3a AaHHbIX =
UMNK-4.2 CobupaeT uHdopMaumio U3 cetn MHTEpPHET, B T.4. U3 couManbHbIX ceTel, u 06pabaTbiBaeT ee -
WMNK-4.3 AHanusunpyeT nofy4yeHHyo MHOPMaLUMIO N HAXOAMT CKPbITbIE 3aKOHOMEPHOCTH =
K-5 CniocobeH BbIbUpaTh MeTOAbI, 0POPMAATL TEXHUUECKOE 3a/laHne U pa3pabaTbiBaTb anropuTMbl pelleHUs 3a/lad aHanmusa NpoMbILLIEHHbIX K
[aHHbIX
AMK-5.1 Wcnonbayer coBpeMeHHbIe TEXHONIOrMN 06paboTkn MHGOPMaLIMKM, BEIMUCTIUTENBHYIO TEXHMKY MPU PellieHnM 3afay aHanu3a MpoMbINeHHbIX |
JaHHbIX
UIMK-5.2 YMeeT npousBoAnTb CH0p MPOMBILLIEHHBIX AaHHbIX, 3HAET CneuudUKy Takux AaHHbIX ~
WMK-5.3 OdopmnsieT TexHMUecKkoe 3aAaHue Ans 3agaum npodeccoHanbHoM 061acTu -

F'IK—S CrniocobeH ynpaensiTe NonyyYeHWeM, XpaHeHUeM, nepeaadei, 06paboTkoi 60s1bLIMX JaHHBIX MK
WUMNK-6.1 OcyLiecTBNsET MOHUTOPUHT 1 OLEHKY NMPOU3BOAUTENBHOCTU 06PaboTku 6OMbLLMX AaHHbIX -
UMK-6.2 Wcnonb3yeT METOAbI U MHCTPYMEHTDI nonerHMﬂ, XpaHeHusl, nepefaun, 06paboTkm GonbLIMX JaHHbIX .
MMK-6.3 PaspabatbiBaeT NpeAnoXKeHuns Mo NoBbILEHWIO NPOU3BOAMTENIBHOCTM 00paboTku 60MbLUMX AaHHbIX
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CBO[HbIE JAHHBIE  YuebHblit nnad maructpatypbl '_01.04.02_Big_Data_and_Data_Science_2025.plx', koa HanpaeneHusi 01.04.02, rog Hauyana noarotosku 2025

Wtoro Kypc 1 Kypc 2
Ba3.% | Bap.% BAB(OT = Bcero | Cem. 1 | Cem. 2 || Bcero | Cem. 3 | Cem. 4
ap.)% [ Mum. | Makc. ‘ dakT
Wroro (c dakynsTaTvsamn) | | | 94 | | 126 [ 62 [ 32 [ 3 [ 64 [ 35 [ 29 |
Wtoro no ON (6e3 dakynbTaTMBOB) | I 93 | | 120 | 60 30 l 30 || 60 l 31 | 29
AvcumnnvHel (Mogynmn) 65% 35% | 21.4% 60 81 54 27 27 27 27
Obs3atenbHas YacTb 53 48 27 21 5 5
e S 28 6 s | 2 | 2
MpakTuka 100% 0% 0% 30 30 6 3 24 4 20
Obs3artensHas YacTb 30 6 3 24 4 20
l'ocyfapcTBeHHast UTOroBas arTecraums | | 3 | 120 9 | | ” | 9 —|
dakynbTatMBHbIE AUCLMNINHBI | | | 1 I 120 | 6 | 2 | 2 ” 4 | 4 I |
Onl, dakynstatueel (B nepuog TO) 54.6 - 55.6 | 53.6 - 55.5 | 53.4
YuebHas Harpy3ka (akag.qac/Hen) O, dakynbTaTuBbl (B MEPUOS 3K3. CECCUIA) 49.9 - 49.9 54 - 46.3
B Mep1og roc. 3k3aMeHoB - -
KoHTakTHas pabota B nepvoa TO (akag.yac/Hen) on 16.2 - 19.7 | 194 5 19.5 3
Bnok b1 978.3 - 320 | 3289 g 329.4
Bnok 52 149 - 36.25 | 36.25 - 36.25 | 40.25
CyMMapHas koHTakTHas pabora (akag. yac) brnok B3 10.5 - - 10.5
Brok ®T/[ 88.55 - 33.85 - 54.7
Utoro no sceM 6nokam 1226.35 i 390.1 | 365.15 - 420.35| 50.75
3K3AMEHbI (3k) 6 3 3 3 3
. 3AYETHI (3a) 5 1 4 6 6
Ob6s3aTenbHble hOPMbI MPOMEXYTOYHOW aTTecTaumm SAUETH C OLIEHKOM (320) 3 3 T > 1 T
KYPCOBBIE PABEOTHI (KP) 2 1 1 1 1
. NEKLMOHHBIX 32.74%
MPOLEHT ... 3aHSATUM OT ayaAUTOPHbIX (%)
B MHTEpaKTUBHOW chopMe 4.4%
O6bEM 0bs13aTeNbHOM YacTu oT obLiero o6béMa rporpamMMmsl (%) 69.2%
O61EM KOHT. paboTbl OT 0bLiero 06bEMa BpeMeHU Ha peanusauuio aucumniuvH (Moayneit) (%) 33.55%




